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I. Introduction
Do private interhousehold transfers facilitate risk sharing in an urban en-
vironment? While recent evidence suggests that rural households can at
least partially protect themselves against income fluctuations and other
risks, far less is known about urban households. Further, there are rea-
sons to believe that advantages and obstacles to risk sharing might be
different in the city than in the countryside. We explore a unique data
set for poor households in Cartagena, Colombia, that contains informa-
tion on private interhousehold transfer networks and intrayear income
variability. Such networks are large, and private transfers respond to in-
come, income variability, and other household characteristics in ways
that suggest households pool risks.

Knowing about informal risk-sharing institutions is important for
understanding the determinants of the well-being of poor people in de-
veloping countries. Formal credit and insurance markets are less wide-
spread in developing countries than in developed countries, and publicly
provided social insurance programs are often lacking in low-income
countries. Thus, poor households may not adequately protect themselves
from events that threaten their well-being, such as drought, pestilence,
unemployment, or illness. If so, there may be strong justification for pol-
icy intervention. For example, R. Townsend conjectures that improved
legal systems that allow more complete contracts across and within vil-
lages—between, say, borrowers and lenders or insurers and those in-
sured—could improve farmer welfare in Thailand.1

Recently, economists have begun to investigate attempts that house-
holds make to mitigate the effects of these negative shocks, and nearly
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all of the empirical work pertains to rural families. Townsend rejects the
strongest form of complete risk sharing for rural households in India,
since household income sometimes enters significantly in consumption
regressions even after controlling for village consumption.2 But the coef-
ficients for household income are never very large, leading him to con-
clude that the risk-pooling model is a good approximation of household
behavior. Using United States consumption data, B. Mace also finds
some evidence favoring the risk-sharing hypothesis, though results are
sensitive to functional form and measurement error.3 J. Cochrane, also
using United States data, finds that some events (e.g., unemployment,
strikes) appear to be insured, while others (e.g., long illness) are not.4 In
contrast, H. Alderman and C. Paxson’s review notes that consumption-
based tests are difficult to interpret because the small estimated effects
of current household income on consumption are consistent with the
permanent income hypothesis as well as risk pooling, and they might
also be the artifact of errors in measurement of household income.5 Fur-
ther, a strong relationship between changes in village and household
consumption could just be an affirmation of the permanent income
hypothesis.6

The literature that addresses the means by which households
smooth income and consumption (e.g., diversification of activities, pri-
vate transfers, capital markets) provides a valuable complement to the
consumption-based studies of risk pooling.7 There is some direct evi-
dence that family-related private-transfer networks mitigate the impact
of income variability. For example, M. Rosenzweig, using data from ru-
ral Indian villages, finds that fluctuations in household income are in part
offset by private transfers, which supports the household risk-sharing
model. Further, he advances the idea that household networks are supe-
rior to some other modes of mitigating consumption shortfalls, such as
local credit markets.8 Rosenzweig and O. Stark suggest that a primary
reason for marriage-related migration is that it nurtures the long-distance,
interhousehold linkages needed to diversify risk due to, say, local
weather conditions.9 In case of drought, for example, it helps to be linked
to a farm household located far away and unaffected by local weather
conditions. Using data from six south Indian farming villages, they find
that the variance of consumption is lower for households that have long-
distance linkages. Further, they find that households facing exogenously
higher income risks because of inferior land or uncertain rainfall patterns
tend to form longer-distance linkages. These presumably are the ties that
facilitate private, insurance-related income transfers between households.
R. Lucas and Stark provide evidence that migrant remittances to house-
holds in Botswana function in part as insurance. Being afflicted by
drought and having drought-sensitive assets such as cattle is associated
with higher remittance receipts.10
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Despite these advances, more research is needed. Although the arti-
cles mentioned above suggest that private transfers function in part as
insurance, in the words of Alderman and Paxson, ‘‘there is simply not
enough literature from enough countries to draw general conclusions
about the scope and importance of household risk-pooling.’’11 Moreover,
most evidence about risk sharing pertains to rural families; much less is
known about urban networks. A priori, it is not clear whether the urban
setting facilitates or hinders risk sharing. Moral hazard problems and the
availability of alternative jobs suggest that urban risk sharing will be
lower than rural risk sharing, ceteris paribus. Lower income variability
suggests the opposite. We elaborate on these ideas below.

Insurance schemes might not function as well in the city because
the source of an income shortfall may be more difficult to verify for ur-
ban workers. Households might agree ex ante to insure only against ex-
ogenous calamities and not to compensate for events that appear to be
within the households’ control, since otherwise the scheme would be
fraught with moral hazard problems. But knowing which shocks are
beyond the households’ control is likely to be easier in rural settings. A
farmer who took reasonable precautions but whose crops were destroyed
by drought, insects, or fire can credibly claim to be the victim of the
vagaries of nature, but someone who sells lottery tickets on a street cor-
ner might have a bad month because business was sour or because he
did not work hard enough. Further, workers in rural insurance networks
are likely to share the same general knowledge about requisite safety
measures in the face of weather- or price-related shocks, but a cook and
a mechanic may know so little about one another’s work that neither can
tell if the other is falling prey to moral hazard. If insurers cannot identify
the exogenous component of income shocks, insurance schemes are
likely to break down.

One way to distinguish fate from negligence is by monitoring,
which is likely to require propinquity. But if network members live too
close to one another, they will not be able to insure against area-specific
shocks, and monitoring costs may be too high to take advantage of spa-
tial risk diversification. However, one advantage of the urban setting is
that income covariation between adjacent city dwellers is probably less
than between adjacent farmers. Since the city has more occupational di-
versity than does the countryside, the value of far-flung networks for re-
ducing income covariance should be lower.

Occupational diversity might also reduce the value of networks if
households diversify their portfolios of human capital by having individ-
ual members work at different jobs or hold multiple jobs. Having multi-
ple jobs is analogous to crop diversification in the rural setting. Each op-
tion is a substitute for interhousehold insurance. One prediction that
emerges from these considerations is that urban insurance networks, if
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they exist, should be more tightly clustered geographically compared to
rural networks. A second prediction is that opportunities for multiple
jobs reduce the need for interhousehold risk sharing.

Another important condition for risk sharing, emphasized by Rosen-
zweig, is that network members need to know each other’s risks and ex-
pected liabilities in order to form insurance contracts.12 Farmers who use
a fixed technology are likely to experience weather-related shocks com-
ing from a fixed probability distribution that is stable over time. In con-
trast, workers in a fast-changing urban environment are not likely to face
the same distribution of shocks year in and year out. Economists know
little about wage and employment dynamics among the urban poor be-
cause the requisite panel data are lacking. So we have little evidence on
the nature of the distribution of unobservable earnings in the urban infor-
mal sector. Whether this distribution is stationary is not known, which
leaves the viability of urban risk-sharing networks an open question.

One of the reasons why there is so little evidence concerning urban
risk sharing is that the urban counterparts of data sets used by econo-
mists to study the rural sector are scarce. In this article, we use a data
set from Colombia that contains extensive information about private
transfers, household networks, and intra-annual earnings fluctuations that
can be used to examine the risk-sharing hypothesis. The data set has two
advantages. First, survey respondents were asked detailed questions
about private transfers received and given and they were also questioned
about household networks and private transfers. Detailed questionnaires
are far superior to the usual summary ones for measuring the extent and
magnitude of private transfers. Second, although the data set is cross-
sectional, it contains information about intra-annual income variability
that is useful for investigating the connection between stability in in-
comes and transfer behavior. One of the salient findings in the empirical
work below is that the stabilization of household incomes would likely
be associated with a sharp reduction in private transfer activity.

II. The Cartagena Data Set
The data set is based on a survey specifically designed to measure the
extent and magnitude of interhousehold transfers for a sample of 507
low-income households.13 What is significant about the survey is the ex-
plicit and detailed focus on private transfers. Household survey data sets
that contain private transfer information are somewhat scarce, and those
that contain responses to lengthy, detailed questionnaires are scarcer still.
The large number of questions that the Cartagena data set contains is
valuable for investigating interhousehold risk sharing because the more
respondents are prompted, the more likely they will recall and report
transfers they gave or received. Surveys containing only summary ques-
tions are likely to be affected by severe underreporting, which opens the
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possibility for misleading conclusions about the effectiveness of private
transfers for stabilizing income.14

Another feature is that survey respondents were asked questions
dealing with intrayear earnings fluctuations. Workers were asked to re-
port their highest and lowest monthly earnings along with their current
monthly earnings. Thus, we can determine which households have earn-
ings flows that are stable throughout the year. In addition, the Cartagena
data set contains indicators of marital status, female headship, education,
and other demographic variables that are useful for investigating private
transfer behavior.

Many studies of private transfers are affected by problems of omit-
ted variables related to the source of transfers received and the destina-
tion of transfers given. A unique feature of the Cartagena data set is that
it contains information about the number of network members by relative
financial status. Each household reported the number of network mem-
bers who were better off financially, members who were worse off, and
members with equal financial status. Such a network is defined as ‘‘a set
of individuals or households who regularly assist each other through
the provision of money, goods, services or the provision of accommo-
dation.’’15 Household members were queried in detail about financial
and in-kind private transfers that they received from members of their
network.

The sample is not a representative cross-section. It covers house-
holds who reside in a 6.5 3 .5 kilometer site in southeastern Cartagena.
These households tend to be poor; their incomes are about 60% or less
of Cartagena’s average income and are about a third of that of urban Co-
lombia. Thus, one caveat to note is that our results may not apply to rural
areas or upper-income urban areas. However, our sample would not
cause a potential truncation bias under the assumption that income is ex-
ogenous to the model, since in this case our sample would be stratified
according to a right-hand-side variable in the empirical model.

III. Specification
The primary question we investigate is, how do private transfers respond
to the level and variability of household income? We express the inci-
dence of private transfers as a function of indicators of household re-
sources, their variability over time, and a variety of additional controls.
Households with stable earnings are expected to be less likely to receive
transfers than households with unstable earnings. Those that have espe-
cially low earnings or experience unemployment would be more likely
to be recipients. Conversely, those who have especially high earnings
would be less likely to receive transfers. Further, transfers should be tar-
geted to households with low average incomes.

Listed below is the set of variables related to the risk-sharing hy-
pothesis:
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Stable income—a dummy that takes on a value of 1 if the earnings
of each worker in the household is constant throughout the year.

Unemployment—a dummy that takes on a value of 1 if a worker in
the household is not continuously employed throughout the year.

High income—a dummy that takes on a value of 1 if the highest
monthly earnings in the past year exceed twice the value of current
monthly earnings.

Low income—a dummy that takes on a value of 1 if the lowest earn-
ings of the year are less than half of the value of current monthly earn-
ings.

In addition to these variables, we enter the number of workers in
the household. This variable indicates the household’s ability to self-
insure and is expected to be inversely related to transfer receipts. We
also include the log of household income, which is also expected to be
inversely related to transfer receipts. The estimating equation for transfer
receipts also contains a set of network variables. Households with many
members who are well off are expected to be more likely to receive a
transfer; those with more members who are worse off would be less
likely to receive.

Other controls included in the equation for private transfer receipt
are years of schooling, a quadratic in age of household head, a dummy
indicating whether the household was headed by a single female, and
household size. If private transfers respond to liquidity constraints, they
should be positively related to schooling. The reason is that more school-
ing is associated with higher permanent income—with current income
held constant, higher permanent income implies higher desired consump-
tion and hence private transfers. The liquidity-constraints hypothesis also
implies that life-cycle timing should matter a great deal for private trans-
fers. Alternatively, with perfect capital markets, only the discounted
value of net transfers is identified, and the age profile of these transfers
is indeterminate.

Nearly all empirical studies from a variety of countries such as Bo-
tswana, El Salvador, Italy, Peru, the Philippines, and the United States
indicate that private transfers are targeted toward women.16 The relation-
ship between female headship and transfers is partly mechanical. For ex-
ample, one reason women receive a disproportionate share of transfers
in the Philippines is that much of what they receive comes from interna-
tional remittances from their husbands. But the female-status—transfer
relationship can also be based on behavioral patterns, and it is found in
studies of purely intergenerational—as opposed to interspousal—trans-
fers. For example, if transfers are in part payments for in-kind services,
an activity in which women tend to be disproportionately involved, we
would expect financial transfers to be targeted to women. Further, if
women face more limited opportunities in the labor market, they are
likely to be subject to higher income risk than male-headed households
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are. So the relationship between female headship and transfers could be
consistent with the risk-sharing hypothesis.

IV. Main Results
We first provide an overview of the characteristics of the sample ac-
cording to transfer status. Observations from the original sample of
507 were dropped if they had missing values for transfers given or re-
ceived or for earnings, age, or low or high monthly earnings for the past
year. These sample selection criteria leave us with a sample of 369
households.

We divided the households according to net transfer status (table 1).
A household is labeled a net transfer recipient if gross transfers received
exceed gross transfers given. Gross transfers received, in turn, are de-
fined as the sum of cash plus in-kind transfers received throughout the
year from other households. Households report the average monthly
value of the transfer received and the number of months that the transfer
was received. Gross transfer receipts are defined as the product of the
average transfer receipt and the number of months the transfer was re-
ceived. We divide this product by 12 so that all monetary values are on
a monthly basis. Gross transfers given are derived in the same way.

Of the 369 households in the sample, a third were net transfer recip-
ients, 39% were givers, and the rest were not involved with transfers (ta-
ble 1). We refer to the last group as ‘‘others.’’17 Private transfers are an
important source of income for households. Among recipients, for exam-
ple, net transfer receipts are 15% of pre–private-transfer income (table
1). These basic figures appear to fulfill a necessary condition for private
transfers to perform a consumption-smoothing role—they must be a
large enough potential income supplement.

Donors make net gifts of 6% of their pretransfer income. The aver-
age gift is smaller than the average receipt, which appears to cast doubt
on the idea that households downplay their dependency or exaggerate
their generosity. At the same time, however, recall that the sample is a
low-income one, so an excess of aggregate receipts over gifts is to be
expected if transfers flow from high- to low-income households.18

The rank order of pretransfer incomes is consistent with the idea
that transfers do indeed flow from better- to worse-off households (table
1). Average pretransfer income of donors is highest, that of recipients is
lowest, and that of others is in between. Recipients are, on average, 8
years younger than donors and have less schooling. A higher proportion
of recipients have experienced unemployment during the year prior to
the survey, and female-headed households are overrepresented among re-
cipients and underrepresented among donors.

Figure 1 illustrates the variability of monthly earnings for individual
workers in the sample. Recall that workers were asked to report their
highest and lowest monthly earnings, in addition to their current earn-
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TABLE 2

Ordered Probit Estimates: Dependent Variable—Net Transfer Receipt

Asymptotic Variable
Variable Coefficient t-Ratio Mean

Constant 2.277 2.964 1.0000
Log of income 2.1605 23.531 9.2423
Years of schooling .0355 1.683 4.1680
Age of household head 2.0692 22.315 44.217
Age squared .0009 2.969 2,139.1
Low income .1733 .808 .0921
High income 2.4574 21.683 .0759
Stable income 2.3922 21.728 .1247
Unemployment .3558 2.474 .3604
Network members better off .0690 2.755 2.4634
Network members worse off 2.0812 22.115 1.2304
Network members equal .0020 .092 3.0596
Head is single female .8789 5.043 .2249
Household size .0536 2.056 6.5962
No. of workers 2.1336 21.751 1.3686
Mu(1) .8780 11.182 ⋅ ⋅ ⋅

Count Frequency

Dependent variable:
Net givers (dep. var. 5 0) 142 .38
Nongivers, nonrecipients (dep. var. 5 1) 103 .28
Net recipients (dep. var. 5 2) 124 .34

Log-likelihood 2346.51
Restricted (slopes 5 0) log-likelihood 2402.26
χ2(14) 111.51

ings. Low earnings equal zero if a worker experiences a month or more
of unemployment. We calculated the range of earnings (i.e., high earn-
ings minus low earnings) and expressed it relative to current earnings,
for the 342 households with positive current earnings. Fourteen percent
of these households had monthly earnings that were completely stable
throughout the year. About half of the households had a range of earn-
ings that exceeded 50% of their current earnings. (The median value of
the range of monthly earnings relative to current earnings for this sample
is 0.52, and the mean is 0.71.) A substantial fraction of households, more
than 19%, had a range of monthly earnings that exceeded their current
monthly earnings. So the income swings that some of these households
experience can be quite wide.19

To explore in detail the patterns of giving and receiving, we esti-
mated an ordered probit model of net receipts (table 2).20 Consider the
latent variable ti, which determines the transfer status of household i. The
latent variable is a linear function of observables X plus an error term e,
assumed to be distributed standard normal, so that
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ti 5 Xi β 1 ei.

The transfer-status variable T is determined as follows:

Ti 5 0 if t # µ1,

Ti 5 1 if µ1 , t # µ2,

Ti 5 2 if t . µ2,

where T 5 2 denotes net-recipient status, T 5 1 denotes neither giving
nor receiving, and T 5 0 denotes net giver status.21

The ordered probit results are presented in table 2. Each of the vari-
ables associated with the risk-sharing hypothesis enters with the ex-
pected sign. The coefficient on log income indicates that an increase in
monthly income from 5,000 to 20,000 pesos reduces the probability of
transfer receipt 8 percentage points. Most important, having stable in-
come reduces the probability of transfer receipt by nearly 13 percentage
points. (The estimated coefficient is significant at the .1 level.) Experi-
encing unemployment sometime during the year prior to the survey
raises the probability of transfer receipt by about the same amount. Hav-
ing an extremely high draw for earnings reduces the probability of re-
ceiving a transfer, and having an extremely low draw for earnings in-
creases it, though the latter coefficient estimate is not significant at even
the .1 level. The Wald test statistic for the joint significance test for low,
high, and stable income yields a χ2 test statistic that is significant at the
.08 level. With aggregate income of the household constant, an increase
in the number of workers in the household is associated with a smaller
probability of transfer receipt, but an increase in household size is associ-
ated with a larger probability of transfer receipt. Together, these results
indicate substantial support for the risk-sharing hypothesis.

We also find that having more network members who are relatively
better off raises the probability of transfer receipt and having more mem-
bers who are worse off lowers the probability of receipt. The number of
household members with equal financial status has a negligible effect on
transfers. The probability of transfer receipt increases with schooling and
then falls and rises over the life cycle, hitting a trough at age 37. Else-
where, we find a similar, U-shaped age pattern for transfers in Peru.22

We concluded in that study that the pronounced life-cycle pattern for
transfers indicated that they were responsive to liquidity constraints.
Finally, we find strong evidence that private transfers are targeted to
female-headed households. All else being equal, female status raises the
probability of transfer receipt by almost 33 percentage points.

There is some reason to suspect that the ordered-probit specification
might be too restrictive. For example, we find that the effects of having
a stable source of earnings throughout the year reduces the probability
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TABLE 3

Probit Estimates: Dependent Variable—Net Transfer Receipt

Asymptotic Variable
Variable Coefficient t-Ratio Mean

Constant 1.0137 1.150 1.0000
Log of income 2.1555 22.866 9.2423
Years of schooling .0461 1.852 4.1680
Age of household head 2.0551 21.573 44.217
Age squared .0008 2.176 2,139.1
Low income .3866 1.461 .0921
High income 2.5782 21.867 .0759
Stable income 2.5482 21.999 .1247
Unemployment .3374 1.981 .3604
Network members better off .0799 2.743 2.4634
Network members worse off 2.0526 21.132 1.2304
Network members equal 2.0048 2.187 3.0596
Head is single female .8365 4.502 .2249
Household size .0403 1.410 6.5962
No. of workers 2.1023 21.140 1.3686
Dependent variable count:

Net recipients 124
Nonrecipients 245

Dependent variable mean .34
Log-likelihood 2192.00
Restricted (slopes 5 0) log-likelihood 2235.56
χ2(14) 87.116

of transfer receipt, but the ordered-probit specification forces the effect
of having stable income on the probability of giving a transfer to be posi-
tive. Nevertheless, those with stable earnings sources might have less in-
centive to participate in insurance networks, raising the possibility that
having stable earnings reduces both the probability of receiving and giv-
ing a transfer.

We informally investigated the symmetry of the transfer relation-
ship by running separate probit equations for receiving and giving a
transfer, and these probit results are presented in tables 3 and 4, respec-
tively. We find that giving and receiving do appear strongly symmetrical.
Every coefficient, except two that are each statistically insignificant,
changes sign in moving from the probit for transfer receipt to transfer
giving.

The four coefficients associated with earnings fluctuations—low in-
come, high income, stable income, and unemployment—are jointly sig-
nificant at the .01 level in the probit equation in table 3. We can use
these estimates to answer the following question: if earnings were stabi-
lized, how much would the incidence of private transfers fall? The aver-
age predicted probability implied by the probit estimates of table 3 is
0.336. Setting the low-income, high-income, and unemployment dum-
mies to 0 and the income stability dummy to 1, the estimates in table 3
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TABLE 4

Probit Estimates: Dependent Variable—Net Transfer Giver

Asymptotic Variable
Variable Coefficient t-Ratio Mean

Constant 22.9132 22.991 1.0000
Log of income .1550 2.227 9.2423
Years of schooling 2.0242 2.982 4.1680
Age of household head .1052 2.652 44.217
Age squared 2.0014 23.106 2,139.1
Low income .0089 .034 .0921
High income .3894 1.309 .0759
Stable income .3198 1.354 .1247
Unemployment 2.3846 22.220 .3604
Network members better off 2.0570 21.875 2.4634
Network members worse off .1063 2.502 1.2304
Network members equal 2.0019 2.081 3.0596
Head is single female 2.9270 24.332 .2249
Household size 2.0760 22.408 6.5962
No. of workers .1704 1.883 1.3686
Dependent variable count:

Net givers 142
Nongivers 227

Dependent variable mean .38
Log-likelihood 2201.94
Restricted (slopes 5 0) log-likelihood2245.89
χ2(14) 87.897

imply an average predicted probability of 0.180—a reduction of more
than 40%. Our estimates indicate that income stabilization could well be
a quantitatively important determinant of private transfers.

Distinguishing altruistic from nonaltruistic motives for interhouse-
hold insurance by looking at receiving is difficult, since each theory pre-
dicts, for example, that income and transfers move inversely. Looking at
giving may be more informative about the root motivation of private
transfers. For example, if having a stable income reduced the probability
of giving transfers, we might be led to conclude that transfers were
selfishly motivated—those with secure sources of income refrain from
contributing to transfer networks. The opposite finding, a positive rela-
tionship between income stability and propensity to contribute, would be
more consistent with altruism. The probit estimates for net giving in ta-
ble 4 are compatible with the latter motive. Although the coefficient is
not significant at conventional levels, the point estimates indicate that
having a stable income raises the probability of giving transfers.

The measures of low income draws used in tables 2–4 are each
based on the sum of low earnings across all earners in the household. If
this sum is less than the sum of monthly earnings across all earners in
the household, the low-income dummy equals 1. The high-income-draw
dummy in these tables is also based in this case on the sum of high earn-
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ings of household members. But with multiple workers it is possible that,
even with such high and low draws, households have a stable income if
one worker’s high coincides with another’s low. We also use a different,
though again imperfect, measure of low and high draws. The low-draw
dummy takes on a value of one if any worker’s low earnings are less
than half of his monthly earnings. These results, which are not presented
here but which are available from us, are much the same as those in ta-
bles 2–4. Having stable income or an especially high earnings draw is
inversely associated with receiving a transfer.

We also experimented with alternative definitions of income stabil-
ity. We used a less restrictive definition of stability, in which low and
high earnings stayed within a specified band (e.g., 610% of monthly
earnings) instead of requiring that earnings remain constant throughout
the year. These specifications produced results similar to those reported
in tables 2–4. We also replaced the stable dummy with the coefficient of
variation calculated from high, low, and current earnings. The results
from this specification also reinforce the results reported here.

The log-income measure pertains only to the survey month, but
transfer status is, in a sense, an annual concept—so there is a mis-
matching of time periods. Accordingly, we also use an average of
monthly earnings, low earnings, and high earnings in the log-income
measure. Again, the basic results are little changed with this modifica-
tion. In particular, the log-income measure is inversely related to the
probability of transfer receipt.

We treat the number of network members as exogenous, and this
assumption may well be defensible, since much of the network is likely
determined by number of siblings, something over which the household
has little control. But it may be that networks themselves are endoge-
nous. A simple tabulation comparing the number of network members
by stability status or unemployment status reveals an interesting pattern.
Households with stable earnings have 5.9 other households in their net-
work. Those with nonstable earnings have 7.1. Similarly, those that ex-
perience a spell of unemployment have more network members. These
numbers suggest that perhaps those facing more uncertain earnings have
an incentive to form larger networks.

Earlier we suggested that households making transfers have an in-
centive to monitor one another, and the Cartagena data set has some in-
formation relevant for this issue, the frequency of visits. The visiting pat-
tern supports the idea that households involved in financial transfers
monitor each other more often. Visits per household were nearly 40%
higher for those giving or receiving transfers than for those not involved
with transfers. While this pattern must be carefully interpreted, since it
is also consistent with other behavior (e.g., reciprocal altruism, ex-
change), it does support the insurance idea.

The Cartagena data set gives the location of network members (in
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the immediate neighborhood, city, and so on). About 60% of network
members live in Cartagena, which contrasts with Rosenzweig’s findings
for rural networks.23 Therefore, the prediction discussed earlier, that ur-
ban networks would be tend to be more tightly clustered, appears to be
borne out in the data.

V. Conclusion
There is an emerging consensus that rural households engage in inter-
household risk sharing through inter vivos transfer networks, but little
previous evidence exists for urban settings, where both costs and bene-
fits of such insurance are likely to be very different. We find evidence
that transfers are insurance motivated. Variables that proxy household in-
come risk have a large impact on private transfer behavior. The results
suggest that private and public transfers are likely to interact in a way
that might thwart the effectiveness of government policies designed to
protect households from the effects of income shortfalls. Our estimates
suggest that policies such as unemployment insurance or social security
could affect private incentives to provide insurance and support. Public
provision of insurance to protect incomes of the poor, for example, could
weaken family networks and dilute the impact of the policy. On the other
hand, public transfer programs expand the risk-sharing pool and facilitate
its insurance function. Further, government stabilization of incomes of
some households could leave them in a better position to provide private
insurance for others in their network, reinforcing the effects of social in-
surance. No matter how private and public transfers interact, however, it
is unlikely that private transfer networks would be impervious to changes
in social insurance policy.
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